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2D to stereoscopic 3D
with Al: Depth map from
a single image
(owl3d.com)



https://www.owl3d.com/blog/2d-to-stereoscopic-3d-with-ai-depth-map-from-a-single-image
https://www.owl3d.com/blog/2d-to-stereoscopic-3d-with-ai-depth-map-from-a-single-image
https://www.owl3d.com/blog/2d-to-stereoscopic-3d-with-ai-depth-map-from-a-single-image
https://www.owl3d.com/blog/2d-to-stereoscopic-3d-with-ai-depth-map-from-a-single-image
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® VR training simulator for astronauts.

* real-time binaural 3D audio processing was

/

developed.




Oculus Rift: Step Into the Game

q ‘-" N

2014

Facebook bought the Oculus VR company for $2 billion. VR gained

momentum rapidly after this.

Sony announced that they were working on Project Morpheus, a VR
headset for the PlayStation 4 (PS4).



® Oculus Quest, Fa

of interest and momentum, selling oL

generating $5 million worth of content sales.
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SNAPDRAGON"®
XR2+ GEN 2 PLATFORM

Snapdragon XR2+ Gen 2 brings the spectacular to spatial

W HAT I S I N S I D E2 computing. Featuring support for 4.3K display resolution per
re eye and 12 or more concurrent cameras, Snapdragon XR2+

Gen 2 unveils breathtaking worlds with pixel-level precision.

Artificial Intelligence
Qualcomm® Adreno” GPU Unleashed on-device Al

Qualcomm® Kryo™ CPU Our 8x more performant Al?, support for 12+ concurrent
) - cameras, and a dedicated XR acceleration block enable
Qalcomm?® Hexagon™ Processor unprecedented interaction concurrency essential for

+ Fused Al Accelerator Architecture MR experiences.

* Qualcomm® Hexagon™ Vector eXtensions + Support for 12+ concurrent cameras for video see-through;
controller, eye, hand, head, and face tracking; and depth

* Qualcomm® Hexageon™ Scalar Accelerator .
sensing

* Qualcomm® Hexagon™ Matrix eXtensions . o
» Dedicated hardware-accelerated computer vision block
for enhanced, low-power, and high-accuracy perception
algorithms, including head tracking, 3D reconstruction,

Scolor & Vector L o and rmore

* Improved INT8 acceleration, thanks to fused
microarchitecture and larger on-device memory

Scolar & Matrix

* Perception concurrency includes hand, head, controller,
facial expression, depth estimation, and 3D reconstruction
for intuitive interactions

‘Vector & Vector

‘Matrix & Matrix

Vector & Matrix
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One-hot layer

VR headset SPECS and TERMINOLOGY explained!
(youtube.com)


https://www.youtube.com/watch?v=culu6EjIIog
https://www.youtube.com/watch?v=culu6EjIIog

Quest 3 Now Has Inside-Out

Body Tracking & MR
Occlusion (uploadvr.com)



https://www.uploadvr.com/quest-3-inside-out-upper-body-tracking-and-dynamic-occlusion/
https://www.uploadvr.com/quest-3-inside-out-upper-body-tracking-and-dynamic-occlusion/
https://www.uploadvr.com/quest-3-inside-out-upper-body-tracking-and-dynamic-occlusion/

* Global display y display may work with eye tracking.)

® Optics (at most two lenses per eye w ade-offs, ideal optics not practical using current technology)
® Rock-solid tracking — translation with millimeter accuracy or better, orientation with quarter degree accuracy
® or better, and volume of 1.5 meter or more on a side

Low latency (20 ms motion to last photon, 25 ms may be good enough)




EMOTIV | Brain Data Measuring Hardware and Software

Solutions



https://www.emotiv.com/
https://www.emotiv.com/

-

The electrodes of the
Neuralink chip are able to
read these signals, which are
then translated into motor
) controls

The brain consists
of special cells

called neurons

that transmit This could control
signals to other external technologies, like
cells in the body, computers or smartphones,
like our muscles | or bodily functions, like
and nerves. \ muscle movement

ArtStation - Cyberpunk Head


https://www.artstation.com/artwork/d03awA
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Vv cinematic-default
sai-3d-model
sai-analog film
sai-anime
sai-cinematic
sai
sai-craft clay
sai-digital art
sai-enhance

sai-fantasy art

sai-line art

sai-lowpoly

https://stablediffusionweb.com



Styles Styles

sai-3d-model - sai-pixel art -

 hitpsi//stablediffusionueb.com







VEED.IQ rroducts Use Cases Resources For Business Pricing

MP3 to Text

om your MP3. Automatic audio transcriptior

VEED.IO |




guage to generate random speech: English Chinese Spanish Hind1 Portuguese French

(] Click on a C ra
I he I Irst German  Japanese Arabic Russian Korean Indonesian Italian  Duich  Turkish Polish
G t. Swedish Filipino Malay Romanian Ukrainian Greek Czech Danish Finnish Bulgarian
enera Ive Croatian  Slovak  Tamil
Synthesis

Platform

Generate lifelike speech in any language and
voice with free Speech Synthesis and Al Voice
software online.

Welcome to the conference. Let's speak about Al models.

Danie! 55 / 333

Get Started Free -


https://elevenlabs.io/speech-synthesis
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0.23.0301.217 Rotoscope Pose Editor
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Curl Flexion

Seript
Shape Name
¥ Thumb Feature Configs
Curl
Abduction
¥ Index Feature Configs
Curl
Flexion
¥ Middle Feature Configs
Curl
Flexion
¥ Ring Feature Configs
Curl
Flexion

¥ Pinky Feature Configs
Curl
Flexion

Curl, Abduction

Is » Opan
Is = Open
Curl, Flexion

s w» Closed
£ - Closed
Curl, Flexion

Is w Closed
1% = Closad
Curl, Flexion

Is w Closed
15 = Closed
Curl, Flexion

Is « Closed
I = Closed

Abduction



Kliknij Przycisk by przenjegs
Sig na Wybrany poziom

A NN
) B |
(W ©







TALVION

Kontynuuj ¢




Thumb_Up

my name’'s Jjohn
You said: my name's john

my name is Jjohn

Hello, nice to meet you john

i live in canada

canada is great place to live in!




Source pixel

(-1x3)+(0x0)+(1x1)+
(-2x2)+(0x6)+(2x2) +
(-1x2)+(0x4)+(1x1) =-3

\

Convolution filter

Destination pixel

Edge detection Kernel
-1 -1 -1
* -1 8 -1 =
-1 -1 -1

Max pooling

12| 7

242 pooling, 13 14

b’ 7| aride?

Sharpen

Average pooling

915

7|8







<canvas 1d="myCanvas" width="200" height="1@0"></canvas>

pository: https:/ /www.w3schools.com/html/html5 canvas.as


https://developer.mozilla.org/en-US/docs/Web/API/WebGL_API/Tutorial/Getting_started_with_WebGL?retiredLocale=pl
https://www.w3schools.com/html/html5_canvas.asp

G _ (g[ supports W Ilntegrators |
0ogl

| Researchers I | Companies |

. Be

e of

Jenkins

Dependencies Q

requires '
TensorFlow

‘.7. &
Al
.a
i
Continuous
integration

provides

‘visualizes
Tensorboard Platforms

Executes on

www.tensorflow.or



https://www.tensorflow.org/js?hl=pl

BLAZEFACE MODEL

® One of lightweight model created in Tensorflow trained to detect face

elements in realtime.

® This model can be used to detect based elements of human face.

128x128 128x128
32x32
16x16 x16
[*2]
0

8x8 6x8x8

Figure 2. Anchor computation: SSD (left) vs. BlazeFace

Figure 1. BlazeBlock (left) and double BlazeBlock

(Source: https://arxiv.org/abs/1907.05047) (Source: https://arxiv.org/abs/1907.05047)

Online repository:
Face detection guide | MediaPipe | Google for Developers



https://developers.google.com/mediapipe/solutions/vision/face_detector




<!DOCTYPE html>
'Ehtl'l'l.l. laﬂF"Eﬁ":'
<head>
<meta charset="UTF-8"/>
5 <meta name="viewport" content="width=device-width, initial-scale=1.0"/> |
: <title=Face Detection in Browser</title=>
<script src="js/main.js"></script>

W By =

</head>
<body>
10 <hl>Face Detection</hl>
11 <video id="video" autoplay=</video>
. </body>
13 ffhtmlh fﬁ
T




let video = document.getElementById{ elementld: "video");

const setupCamera = () = {
navigator.mediaDevices
.getUserMedia( constraints: {

audio: false,

video: { width: 600, height: 400 },
: }
9 .then( onfulfilled: (stream) => {
1@ // stream is a MediaStream object
11 viden.srcObject = stream;
12 i
E };

15 setupCameral ) ;

DO = O UM B Ll B =




<title>Face Detection in Browser</title>
<script src="https://cdn.j ivr.net/npm/@t
<script src="https://cdn. «net/npm/@t

<script src="js/main.js"><

let model;

const detectFaces = async () = {

const prediction = await model.e: 5 (video, false);
lcuns ole.log(prediction);

b




}

"topLeft": [186.164306640625, 229.93507385253906],
"bottomRight": [400.3614807128906, 372.7312927246094],
"landmarks": [

[249.68140237033367, 275.46426653862], // right eye

[326.18556171655655, 271.4667320251465], // left eye
[285.10335087776184, 312.4013841152191], // nose
[290.80926552414894, 337.9300758242607], // mouth
[218.2365596294403, 286.3128364086151], // right ear
[371.4763283729553, 279.08667623996735] // left ear

1,
"probability": [0.9811193943023682]




<body>
<hl>Face Detection</hl>

<video id="video" autoplay=</video>
=<canvas id="canvas" width="600px" height="400px"></canvas=>

</body>




const detectFaces = async {) = {
const prediction = await model.estimateFaces(video, false);

console. log(prediction);

// draw the video first
ctx.drawImage(video, 0, @, 600, 400);

prediction.forEach((pred) = {

// draw the rectangle enclosing the face
ctx.beginPath();
ctx. lineWidth = "4";
ctx.strokeStyle = "blue";
// the last two arguments are width and height
// since blazeface returned only the coordinates,
// we can find the width and height by subtracting them.
ctx.rect(
pred.topLeft[@],
pred.topLeft[1],
w: pred.bottomRight[@] - pred.topLeftl[o],
h: pred.bottomRight[1] - pred.topLeft[1]

ctx.stroke();

// drawing small rectangles for the face landmarks
ctx. fillStyle = "red";

pred. landmarks. forEach((landmark) = {

46 ctx.fillRect(landmark[@], landmark[1], w: 5, h:5);
47 1

\ j };}“




Special thanks to Pawet Ptoneczka IT&D Senior Product Manager in Reckitt complany who

helps to create this usecase




® module stect set of gestures

® it will be used to open and close applications.




Online repository:

MediaPipe | Google for Developers



https://developers.google.com/mediapipe

Vision tasks
» Object detection
» Image classification
» Image segmentation
» Interactive segmentation
» Gesture recognition
Hand landmark detection
Image embedding
Face detection
Face landmark detection
Pose landmark detection
Face stylization

Holistic landmark detection

Image generation [https:/ /developers.google.com/mediapipe /solutions /visi
on]



each hand







Android
Web
Python
i0S




install opencv-python
install mediapipe

install requests

install pyrealsense?




import requests

url = f'https://storage.googleapis.com/mediapipe-models/gesture recognizer/gesture recognizer/

response = requests.get(url)

if response.status code == 208:
mab = response.content
else:
print(f"Failed to fetch the file. Status code: {response.status code}")




import sys

sys.getsizeof(mab)

837347

import sys

sys.getsizeof(lad)

7819138




optionsR = GestureRecognizerOptions(
base options=BaseOptions(model asset buffer=z=mab),
running mode=VisionRunningMode.LIVE STREAM,
result callback=print result)

base_options = python.BaseOptions(model asset buffer=zlad)







RGB image to MediaPipe Image format
mp_image = mp.Image(image formatzmp.ImageFormat.SRGE, data=frame)
g .

# gesture recornition routine usin

if mp_image:
with GestureRecognizer.create from options(optionsR) as recognizer:

recognizer.recognize async(mp_image, 58)

®* Hand tracking:



awina Landmark N
awing Lanamar:Es on de
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[a}]

me = draw_landmarks on_image(mp image.numpy view(), detection result)

he color palate BGR/RGB

#conversion between th Lor palate
frame=cv2.cvtColor({frame,cv2.COLOR_RGB2BGR)
# description of detected class in image

cv2.putText(frame,detectN, bottomLeftCornerOfText, font, fontScale,fontColor,thickness,lineType)

Thumb_Down

ILoveYou



e of presence

ents, neglecting lower limb







®* Gener:

® Analyse results
@




Fetch data
(nodejs server)

)

movement model
RNN
(tensorflow)




L NodelLogger

Urzadzenia:
77eblc8c-23d-465f- 0bb72752-86e2-
a263-a71e31b986fd 4b5a-bf01-
146ad634dddc
2024-02-26
12:46:24 2024-02-15

10:23:21

Nowy pomiar:

|"id", "deviceId"”,"sensorName","time","x","y","z", "marker" Dane pomiaru
259743,"77eb1c8c-2f3d-4651-a263-

a71e31bogefd"”, "totalacceleration”,1708947870967959300,-1.2510000677108765,0.7309500575065613,9.6
55950546264648,"-1"

259744,"77eb1c8c-213d-4651-a263-
a?1e31b986fd","gyroscope",178894?87696?95938@,8.89@41249999??648258,—6.@8@13?49999925494194,@.98
2337499987334013,"-1"

259745,"77eb1c8c-2f3d-4651-a263-

a71e31bogefd"”, "accelerometer”,1708947870967959300,-0.0819259000197052956,0.005688999779522419,-0.
PP10160000529140234,"-1"

Opis

-0.11620917243219289 -0.4050352775805529 ©.24012285934728698 ©.28008825639587615 -0.4986388500861196
-0.09539474190944812 ©.7453243954042078 -0.40910578562121863 -0.549179596315432
-0.11594395606935598 -0.4048990083726674 ©.23978625736223041 9.280169962616997 -0.4982499656103057
-0.09835526730880326 ©.745555306783839 -0.41030868066392116 -0.5464295735863297
-0.11550192806390687 -0.40496714297661013 ©.23953380377733416 ©.2815589643054959 -©.4982499656103057
-0.09720395278616528 ©.7453243954042078 -0,4088874260752662 -0.,5493629316207216
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sl = load file( 'sample8.csv')

s1i = np.diff(sl, axis=

window=8

sls = subsequences(sli, window)

——

slsf = np.moveaxis(sls, [@, 1,

yls = np.ones(slsf.shape[8])*0




train_ratio =0.7

train_datal, test datal = divide seq(slsf,train_ratio)

train_dataly, test dataly = divide seq(yls,train_ratio)




trainy = trainYc

testy = testYc

verbose, epochs = @, 8@

n_timesteps, n_features, n_outputs = trainX.shape[l], trainX.shape[2], trainy.shape[1]
model = Sequential()

model.add{LSTM(8@, input_shape=(n_timesteps,n_features)))

model .add (Dropout(8.5))

model.add(Dense(88, activationz='relu'))

model .add(Dense(n_outputs, activationz'softmax'))

model.compile(loss="'categorical crossentropy', optimizer='adam', metrics=["accuracy'])

Structure(RNN) “many-to-one”

EEEEER
BEEEEE

oout

Input Layer (x)
—
TNLS Layer (80)

Dense Layer (80)
—...!_________L,..-
Output Layer (y)




96/90 [ ] - 4s Sms/step - loss: 1.8326 - accuracy

Epoch 2/80
98/90 [ ] - @s Sms/step - loss: ©.7789 - accuracy: 0.6614
Epoch 3/80
se/90 [ ] - ©s Sms/step - loss: ©.7866 - accuracy: ©.7301
Epoch 4/80
. . . 98/90 [ ] - @s Sms/step - loss: ©.6587 - accuracy: ©.7482
Model is trained based on trained data bpuch 5720
98/9@ [ ] - @s Sms/step - loss: ©.6899 - accuracy: 8.7760
Epoch 6/80
98/90 [ ] - ©s Sms/step - loss: ©.5708 - accuracy: ©.7882
Epoch 7/80
model.fit(trainX, trainy, epochs=zepochs, verbose=zverbose) e L ] - 05 ons/step - loss: 0.5410 - accuracy: 0.5029
98/90 [ ] - @s Sms/step - loss: ©.5087 - accuracy: 0.8210
Epoch 9/80
98/9@ [ ] - s Sms/step - loss: ©.4784 - accuracy: ©.8332
Epoch 18/80
Sms/step - - accuracy:

90/90 [

<keras.src.callbacks.History at ©x255cef73550>

* Verification with test data and

checking result

The model can be verified using test data

accuracy

res = model.predict(testX)

_, accuracy = model.evaluate(testX, testy, verbose=z@) ©.99278875559616089



The model with high accuracy can be saved to use in application

model . save('RNNmodel.h5"')

Model can be restored from file

model?2 = tf.keras.models.load model('RNNmodel.h5')




model2. summary()

Model: "sequential 4" Yolo3 -image classification

Layer (type) Output Shape Param # Total params: 62001757 (236.5
============= ============ Trainable params: 61949149
lstm 4 (LSTM) (None, 80) 29760 Non-trainable params:

dropout_4 (Dropout) (None,

dense_8 (Dense) (None,

num_parameters = sum(p.numel()
print({num_parameters)

for p in model.parameters())

dense_9 (Dense) (None,

““““““““““““““““““ # Number of parameters in Llama-2-13B: 13015864320
Total params: 36483 (142.51 KB)

Trainable params: 36483 (142.51 KB)
Non-trainable params: @ (8.80 Byte)




conf_mat = confusion_matrix(testyy, y_pred)

conft_mat

array([[408, 1, 8],
[ 8, 412, e],
[ 8, B, 412]], dtype=int64)

dcCcuracy

8.9927887555961609









from fastapi import FastAPI
from fastapi.middleware.cors import CORSMiddleware

from fg

from bﬂggx

from numpy import max
from numpy import array
from json import dumps
from uvicorn import run
import os

import ast

import numpy as np

model dir = "RNNmodel.h5"
model = load model (model dir)

class predictions = array(]|
‘run’,
‘'walk’,
'squats’

)

@app.post(”/net/move/prediction/™)
async def get net move prediction(table: str = ""):
if table == "":
return {"message”: "No table provided"}

parsed table = ast.literal eval(table)

data = np.array(parsed table)
print(data.shape)

pred = model.predict(data)
score = softmax(pred[@])

class prediction = class predictions[argmax(score) ]
model score = round(max(score) * 160, 2)

return {
"model-prediction”: class_prediction,
"model -prediction-confidence-score”: model score




Started server process [8934]
Waiting for application startup.

Application startup complete.
Uvicorn running on http://0.0.0.0:5001 (Press CTRL+C to quit)

J/ Root v

/net/move/prediction/ Get Net Move Prediction A

Parameters

Name Description

table

string

[[[ 1.65583696e-01, 2.33025777e-02, -1.129

Response body
{

“model-prediction”: "run",
"model-prediction-confidence-score": 57.61

}



Kubernetes

- kubernetes

— —_—
Operating system Operating system

Virtualized deployment Container deployment Kubernetes deployment
@
[ https://www.atlassian.com/microservices/microservices-architecture/kubernetes-vs-docker |



NVIDIA has unveiled technology called A \ that

would allow gamers to speak naturally to non-playable characters (NPCs)
and receive appropriate responses. The company revealed the tech during
its ' ‘ at Computex 2023, showing a demo called Kairos
with a playable character speaking to an NPC named Jin in a dystopic-

looking Ramen shop.




anguage support




IS a sentence.

VERB DET NOUN

https:/ /spacy.io/

Inodoig-Ng-n1ey

Single Stream TDNN-F

Multi-Stream Multi-Resolution TDNN-F

Multistream TDNN and new Vosk model | Speech Recognition
With Vosk (alphacephei.com)



https://alphacephei.com/nsh/2021/07/16/multstream-tdnn.html
https://alphacephei.com/nsh/2021/07/16/multstream-tdnn.html

import pyttsx3

engine = pyttsx3.init()

voices = engine.getProperty('voices')
engine.setProperty('voice', voices[1].1
rate = engine.getProperty('rate')

print (rate)

engine.setProperty('rate', 125)
engine.say("I am working. I hop
engine.runfndWait()




en _core web s

(base) C:\Users\drone>python -m spacy download en_core_web_sm
Collecting en—-core-web-sm==3.7.1
Downloading https://github.com/explosion/spacy—-models/releases/download/en_core_web_sm-3.7.1/en_core_web_sm-3.7.1-py3-
none-any.whl (12.8 MB)
/12.8 MB eta 0:00:00

12.8
.2 in c:\users\drone\anaconda3\lib\site-packages (from en-core-web-sm==

Requirement already satisfied: spacy<3.8.0,>=3.
D8 (3703)

Requirement already satisfied: spacy-legacy<3.1.0,>=3.0.11 in c:\users\drone\anaconda3\lib\site-packages (from spacy<3.8
.0,>=3.7.2->en-core-web-sm==3.7.1) (3.0.12)

Requirement already satisfied: spacy-loggers<2.0.0,>=1.0.0 in c:\users\drone\anaconda3\lib\site-packages (from spacy<3.8
.0,>=3.7.2->en-core-web-sm==3.7.1) (1.0.5)

Requirement already satisfied: murmurhash<1.1.0,>=0.28.0 in c:\users\drone\anaconda3\lib\site-packages (from spacy<3.8.0
,>=3.7.2->en-core-web-sm==3.7.1) (1.0.10)

Requirement already satisfied: cymem<2.1.0,>=2.0.2 in c:\users\drone\anaconda3\lib\site-packages (from spacy<3.8.0,>=3.7
.2->en—core-web-sm==3.7.1) (2.0.8)



Alpha Cephei GitHub Researct

Model list

This is the list of models compa

To add a new model here crea

Model i Word error rate/Speed License
English

vosk-model-small-en-us-0.15 9.85 (librispeach test-clean) 10.38 (te: ghtweight wideband model for Android and | Apache 2.0
RP

5.68 (librispeach te: 5 (tedlium) 29.78(callcenter) | Accurate generic US English model Apache 2.0
7.82 (librispeech) 8.20 (tedlium) Big US English model with dynami Apache 2.0
m) 30.17 (callcenter) c g N L Apache 2.0

v Kaldi on Gigaspasch. Mc

sts, not for telephony



https://alphacephei.com/vosk/models

® The example will be presented using Python language







import spacy import pyttsx3

engine = pyttsx3.init()
nlp = spacy.load(" SNSRI ")

from vosk import Model, KaldiRecognizer

> I + Sl ]
ouild TRNe mogelL an

model = Model(r"C:\

S o e
el (r"C:\

sk-model-small-en-us-8.15")

. I - i mny
model -en-us-8.22")

recogniser

rec zer = KaldiRecognizer(model, samplerate)
zer.SetWords(False)



location = nlp("I live in ")

great = nlp("Hello, my name is")

def chatbot(stat):
statement = nlp(stat)

min_similarity = @.2

if great.similarity(statement) >= min_similarity:

for ent in statement.ents:
if ent.label == "PERSON": # GeoPolitical Entity

per = ent.text

L1

return "Hello, nice to meet you + per

if location.similarity(statement) >= min_similarity:

for ent in statement.ents:
if ent.label == "GPE": # GeoPolitical

ntity

m

city = ent.text

n

return city + is great place to live in!™
“"+stat

return "You said:




while True:
data = q.get()
if recognizer.AcceptWaveform{data):
recognizerResult = recognizer.Result()

# convert the recognizerResult string inte a dictionary

resultDict = ]?Dn.ln:-adf(r*ec-ﬁngniferResH}t) my name g jClhrl
if not resultDict.get("text", } == :
. : .
sent = resultDict.get("text", "") You said: my name's john

print(sent) . .
my name 1s john
resp = chatbot(sent) ¥ J

print(resp) Hello, nice to meet you john

engine.say(resp) . . .
engine.runAndwWait() i live in canada
nlace to live

canada 1s great

else:
print{"no input sound")

r



to train
ely, without

® In particular, LLo  (175B) on most benchmarks

[2302.13971] LLaMA: Open and Efficient Foundation Language
® Models (arxiv.org)



https://arxiv.org/abs/2302.13971
https://arxiv.org/abs/2302.13971

O from llama_cpp import Llama

model that you've downlead from

ation of to the GGU

r"C:\Users\drone\Downloads\llama-2-7b-chat.Q2_K.gguf"

# Create a LlLama model
model = Llama(model_path=model_path)

1lama_model_loader:
1lama_model_loader:
1lama model loader:
1lama_model_ loader:
1lama model loader:
1lama_model_loader:
1lama_model_loader:
1lama_model_loader:
1lama_model_loader:
1lama_model_loader:
11lama_model_loader:
1lama_model_loader:

W o~ @ s W@

=
= @

general.architecture
general.name

llama.context length
1llama.embedding_length
1lama.block count
1lama.feed_feorward_length
llama.rope.dimension_count
l1lama.attention.head_count
1lama.attention.head_count_kv
llama.attention.layer_norm_rms_epsilon
general.file_type
tokenizer.ggml.model

= 1llama

LLaMA v2
4096

= 4896

32

= 1liees

128

32

32
0.080001

= 18
= 1lama



https://huggingface.co/TheBloke/Llama-2-7B-Chat-GGUF

def chatbot(stat,model):
#model = Llama(model path=model path)
# Prompt creation
system _message = "You are small girl. You speak with short sentences”

user_message = stat

prompt = f"""<s>[INST] <<S5YS>>»
system _message
£</5Y55>

user_message | [/INST]""™

# Model parameters

max_tokens = 1086

# Run the model

output = model(prompt, max_ tokens=max_tokens, echo=False)

return output| 'choices'|[8]] "text"’




1lama_print_timings: load time 18556.89
llama_print_timings: sample time 47.70 ( 0.81 ms per token, 1236.79 tokens per second)

1lama_print_timings: prompt eval time 18556.56 51 tokens ( 363.85 ms per token, 2.75 tokens per second)
RESU LT 1lama_print_timings: eval time = 27372.43 58 runs ( 471.94 ms per token, 2.12 tokens per second)
llama_print_timings: total time = 46473.27 109 tokens

system_message = "You are female knight. Looking for a dragon. Answer always in one sentence."
user_message = stat

hello who are you

Greetings, brave adventurer! I am Sir Elara, a ski night on a quest to find protect the lovely Princess Ann
the clutches of the fierce dragon that threatens her kingdom. Ma proceed with my search?

of course but first show me where is the castle

Ah, brave adventurer! The castle is located just through that dense forest, nestled among the rolling hills and bubbling streams.
ut beware, the path is treacherous and guarded by fierce creatures. Will you dare to tread this perilous path to find the dragon and

my dear Princess Ann?

system message = "You are female ogre. Want to eat you. You speak with short sentences.”

hello who are you

Ugh, grumble grumble! *drools* Ooh, a tasty-looking human! *growls* I mean, who are you? *slurp* Can I...um...eat you? *winks¥*

lease don't eat me

Ugga bugga! Eat you? No, no, no! Ogre not eat you! *hiccup* Ogre like nice and tasty treats, but not people! *chuckles* You nice a

d tasty. but not for Ogre to eat. Ogre promise! *winks* Now. want play game or tell -joke?
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ural Comput.

eural information

Machine L omputer Science volume 2,
Article number: 16(

=

https: / /towardsdatascience.com/simple-introc ural-networks-cdf8d3077bac

® History of VR — Timeline of Events and Tech Development — VirtualSpeech



https://www.researchgate.net/figure/Reinforcement-Learning-Agent-and-Environment_fig2_323867253
https://link.springer.com/article/10.1007/s42979-021-00592-x#auth-Iqbal_H_-Sarker
https://link.springer.com/journal/42979
https://towardsdatascience.com/simple-introduction-to-convolutional-neural-networks-cdf8d3077bac
https://virtualspeech.com/blog/history-of-vr
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